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vl Music-driven 3D dance generation task
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= Dance is a specific form of human motion along to music, which is
expressive, symbolic and rhythmic

= Qur goal is to generate plausible and diverse dance movements,
conditioned by given music

vl H1. Mambal'l operates 3D dance data better than
Transformer

= Mamba's inductive bias helps modeling the autoregressive data

= Based on the previous Transformer-based two-stage diffusion
frameworkl®!, we leverage Mamba for dance decoder
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vl H2. More expressive beat representation helps the
generated dance better-aligned to the beat

= Properties of beats: (1) frames closer to beats carry stronger signals, (i1)
this strength decays rapidly yet smoothly with temporal distance.

= We formulate previous simple beat representation NBD!3l, and use
Gaussian decay function that can satisfy the properties

NBD(4)2
2 (a - 1(i))?

b(i) = exp
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Not Like Transformers: Drop the Beat Representation
for Dance Generation with Mamba-based Diffusion Model
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