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Our Contributions

• MuPNIT & MuPNIT-ReID Datasets: A multi-
perspective benchmark for sports, featuring 2.19M boxes 
across 283K frames of NBA games. It addresses critical 
gaps in tracking across camera cuts, zooms, and cross-
season appearance changes (jerseys, lighting, and poses), 
with a global ID feature bank

• Global ID Fusion (GIF) Framework: A high-
performance, online fusion approach for real-time 
tracking and identification

• Identity Consistency Metrics: Introduction of five 
novel Global ID metrics to evaluate tracking stability and 
provide new insights into identity prediction tradeoffs



Multi-Perspective NBA Global Identity 
Tracking ( MuPNIT) Datasets - MOT



Multi-Perspective NBA Global Identity 
Tracking ( MuPNIT) Datasets - ReID
• MuPNIT-ReID: all player crops

• MuPNIT-ReID-light: ∼200 images/player

Global ID database

In-game player crops
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Global ID Metrics

• Frames to First ID (FTFI): 

• The average time to first classify all tracklets

• Frames to First Correct ID (FTFIc): 

• The average time to correctly classify IDs

• Average Class Switches (IDsw): 

• The average number of tracklets’ ID switches

• Mean Correct Ratio (MCorr): 

• The ratio of correct ID-tracklet matches over time

• Mean Average Precision (mAP): 

• The precision of ID classification for a tracklet



Results: ReID
• CLIP family and AP3D stand out, 

motivating our MOT+ReID selection



Results: ReID • Low face visibility makes face-based 
ReID fail



Results: Object Tracking
• Both CLIP family and AP3D help 

the strongest baseline, OC-SORT



Results: Object Tracking

• GL significantly improves ID tracking



Global

Results: Object Tracking

• Performance is relatively insensitive to window size



Local
(Game)

Results: Object Tracking

• The benefit of increasing window size is non-monotonic



Results: Object Tracking

• Linear assignment 
consistently outperforms 
direct matching



Results: Generalization
• We report the generalizability of GL 

on multiple benchmarks



Results: Generalization
• GL consistently improves ID 

tracking in MuPNIT and SportsMOT
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Results: Generalization
• GL yields clear gains in IDF1 and IDs 

for SoccerNet, despite incomplete 
IDs and lack of a global ID bank here



Our Contributions

• Two datasets for multi-perspective ID-aware MOT

• GIF, a generalizable, online tracking-with-ID approach 

• Five novel Global ID tracking metrics evaluating ID 
prediction tradeoffs in multi-perspective MOT

Global ID database

In-game player crops
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